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Abstract  
 
This report analyzes the African datasets landscape, emphasizing open access, 

recency, and coverage across domains like agriculture, natural language processing 

(NLP), healthcare, and environment. Drawing from 180 datasets sourced from 

platforms like Hugging Face, Kaggle, and Open Africa, it highlights trends in data 

types, geographic distribution, and access levels. Strengths include over 70% recent 

updates (2023–2025) and predominant open licensing, fostering AI innovation. These 

trends align with recent evolutions in Africa's AI ecosystems, as detailed in 

comprehensive overviews of data accessibility and innovation (CIPIT). Challenges 

such as data fragmentation, quality inconsistencies, and infrastructure limitations are 

identified, alongside opportunities for collaboration. Recommendations advocate for 

data localization, harmonization, and ethical frameworks to support sustainable 

development. This resource equips policymakers and innovators to leverage data for 

contextual AI solutions.  

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

https://aiconference.cipit.org/documents/the-state-of-ai-in-africa-report.pdf


ii 

Contents 
Abstract ....................................................................................................................... i 
Abbreviation ............................................................................................................... iii 
Executive Summary ................................................................................................... iv 
1. Introduction: Fueling African AI innovation with contextual datasets ................... 1 

1.1. Localized data and open access: A critical synergy for African AI ............... 1 
1.2. Purpose and scope ...................................................................................... 3 

2. A systematic approach ........................................................................................ 3 
2.1. Key criteria for dataset selection .................................................................. 4 
2.2. Structure of dataset entries .......................................................................... 5 

3. Overall landscape of African AI datasets ............................................................ 6 
3.1. Quantitative overview of dataset distribution across domains ...................... 7 
3.2. Prevalent data types and their applications ................................................. 8 
3.3. Dataset freshness ...................................................................................... 10 
3.4. Geographic distribution: Countries leading in data contributions ............... 11 
3.5. Access levels and licensing ....................................................................... 13 

4. Central hubs and key initiatives for African AI datasets .................................... 14 
5. Recurring Challenges and Opportunities .......................................................... 16 

5.1. Challenges ................................................................................................. 17 
5.2. Opportunities for Collaboration and Investment ......................................... 18 

6. Future outlook and recommendations ............................................................... 19 
7. Conclusion ........................................................................................................ 22 
References ............................................................................................................... 23 



iii 

Abbreviation 

AI Artificial Intelligence 
NLP Natural Language Processing 
DLI Deep learning Indaba 
HPC High-Performance Computing 
GDPR General Data Protection Regulation 
CC BY 4.0 Creative Commons Attribution 4.0 International License 
CC0 Creative Commons Zero (Public Domain Dedication) 
ODbL Open Data Commons Open Database License 
CC BY-NC-SA 3.0 
IGO 

Creative Commons Attribution-NonCommercial-ShareAlike 
3.0 IGO License 

CC BY-NC-SA 4.0 Creative Commons Attribution-NonCommercial-ShareAlike 
4.0 International License 

ODC-By 1.0 Open Data Commons Attribution License 1.0 
CC BY-NC 4.0 Creative Commons Attribution-NonCommercial 4.0 

International License 
CC0 1.0 Creative Commons Zero 1.0 Universal (Public Domain 

Dedication) 
CDLAPermissive2.0 Community Data License Agreement - Permissive 2.0 
Apache 2.0 Apache License 2.0 
CC BY-SA 4.0 Creative Commons Attribution-ShareAlike 4.0 International 

License 
MIT License Massachusetts Institute of Technology License 
CC BY 3.0 IGO Creative Commons Attribution 3.0 IGO License 
CC BY 2.0 Creative Commons Attribution 2.0 Generic License 
CC BY-SA Creative Commons Attribution-ShareAlike 
NOODL Network of Open Data Licenses 
GIS Geographic Information System 



iv 

Executive Summary 

Africa’s data landscape is rapidly evolving, marked by a growing volume of datasets 

that span critical sectors such as agriculture, natural language processing (NLP), 

healthcare, environment, and socioeconomic indicators. This dynamic growth, 

coupled with a strong commitment to open access, positions the continent as a fertile 

ground for leveraging data-driven solutions to accelerate sustainable development. 

Our analysis reveals key strengths: over 70% of datasets have been updated or are 

scheduled for updates between 2023 and 2025, reflecting a responsive and evolving 

data ecosystem. The predominance of tabular and text data addresses foundational 

analytical needs, while the rising availability of image and geospatial data signals 

adoption of advanced technologies. Geographically, Africa-wide initiatives lead the 

way, supported by emerging country-specific data hubs in South Africa, Ghana, 

Ethiopia, Kenya, Nigeria, and Uganda. Crucially, the majority of these datasets are 

openly accessible, enabling broad experimentation, innovation, and research. 

However, significant challenges persist. Data fragmentation, inconsistent quality, 

infrastructure gaps, evolving regulatory environments, and lack of standardization 

hinder the full potential of Africa’s data assets. These obstacles underscore the urgent 

need for more open, standardized, and high-quality datasets. Expanding open data 

availability is not merely a technical imperative but a strategic necessity to empower 

researchers, policymakers, and AI innovators with reliable, comprehensive 

information. Addressing these challenges requires targeted investments in data 

infrastructure, capacity building, and ethical data-sharing platforms. Recent policy 

frameworks emphasize open datasets as a means to enhance data sovereignty and 

accessibility, fostering trust and collaboration across stakeholders. By prioritizing open 

data, Africa can unlock transformative economic, social, and environmental benefits 

accelerating progress toward its sustainable development goals, building resilience, 

and ensuring equitable growth. 

In conclusion, expanding and improving open datasets is critical to harnessing 

Africa’s rich data diversity. A collaborative, context-aware, and ethically grounded 

data ecosystem will empower the continent to innovate boldly, respond agilely to 

emerging challenges, and create a prosperous future for all its citizens.



1. Introduction: Fueling African AI innovation with contextual
datasets

In the 21st century, data has become a cornerstone for effective governance, targeted 

interventions, and sustainable development. [1] For Africa, a continent of immense 

diversity and unique development challenges, creating robust and accessible data 

ecosystems is critical to unlocking the transformative potential of Artificial Intelligence 

(AI). While African data is rich with linguistic, cultural, and ecological diversity, much 

of it remains fragmented or inaccessible, limiting the creation of AI solutions that are 

truly context-aware and impactful. Alliances focused on improving data quality are vital 

for economic studies and policy formulation. 

This report will provide a comprehensive analysis of African datasets, highlighting key 

trends, strengths, and gaps across domains, data types, update frequencies, and 

geographical coverage. It aims to equip policymakers and AI innovators with strategic 

insights to leverage these datasets for developing localized AI applications. By doing 

so, it will support Africa’s ambition to harness open and locally relevant data for 

inclusive economic growth, improved public services, and resilient, sustainable 

development.  

1.1. Localized data and open access: A critical synergy for African AI 

Unlike many reports that discuss localized data in terms of mere geographic 

relevance, this report emphasizes the critical need for accessible localized data, 

specifically through open licenses. It is important to recognize that localized data is 

essential for contextual AI, its true potential is unlocked when it is also openly 

available, thereby avoiding confusion between data origin and data accessibility. [2]  

A fundamental obstacle hindering AI adoption in Africa is the scarcity of data. As a 

2024 article in Science magazine starkly puts it, "Africa is endemically data poor." This 

"data paucity in the age of AI means exclusion." (Science.org). [3] Recent studies 

confirm this persists into 2025, with only 2% of global AI training data originating from 

Africa. [4] The vast majority of global AI models are trained on datasets predominantly 

https://www.science.org/doi/10.1126/science.ado8276
https://www.science.org/doi/10.1126/science.ado8276
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sourced from North America, Europe, and Asia. This geographical and cultural 

imbalance creates significant issues.  

  

Models trained on non-African data often perform poorly when deployed in local 

contexts. They struggle with African names, languages, and cultural expressions, and 

their underlying assumptions reflect Western norms, not African realities. As one 

analysis highlights, this means models "don’t reflect our values or realities." (Medium). 

[5] This can lead to ineffective solutions, perpetuate digital colonialism, and even 

exacerbate existing socio-political tensions (EPIC). [6]  

  

Developing effective AI solutions for Africa demands a departure from one-size-fits-all 

approaches. Generic AI models, trained on datasets primarily from developed 

economies, frequently fall short when applied to African contexts. This is due to 

discrepancies in data quality, format, linguistic diversity, cultural sensitivities, and the 

specific socio-economic conditions prevalent across the continent. For instance, an 

agricultural AI model trained on European crop yields might not account for the unique 

soil compositions or climate variability in specific African regions. Similarly, financial 

models need to understand informal economies, mobile money penetration, and 

diverse credit histories unique to African populations.  

  

Access to open and localized data is therefore not just an advantage, but a crucial 

enabler for success. It will ensure that AI models are:  

• Culturally and Linguistically Sensitive: Capable of understanding and 
interacting with diverse populations effectively.  

• Contextually Accurate: Reflecting the specific challenges and opportunities of 
African environments.  

• Socially Impactful: Addressing real-world problems like financial inclusion, 
healthcare accessibility, food security, and educational disparities.  

• Ethically Sound: Minimizing bias that could arise from training on 
nonrepresentative global datasets.  

 

https://medium.com/@floraoladipupo/a-beginners-guide-to-fine-tuning-ai-models-on-african-datasets-759bc4ec8ccf
https://medium.com/@floraoladipupo/a-beginners-guide-to-fine-tuning-ai-models-on-african-datasets-759bc4ec8ccf
https://www.epicpeople.org/decolonizing-llms-ethnographic-framework-for-ai-in-african-contexts/
https://www.epicpeople.org/decolonizing-llms-ethnographic-framework-for-ai-in-african-contexts/
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By utilizing African data, AI solutions can be finely tuned to address specific local 

needs, ranging from precision agriculture and predictive healthcare to localized e-

commerce recommendations and smart urban planning, ultimately fostering 

sustainable development and economic growth within the continent. [7] [2] This 

supports initiatives to tap into AI's game-changing potential through collaborative, 

open innovation. 

 

1.2. Purpose and scope   
  

Despite Africa’s immense data potential, AI businesses and startups often face 

significant challenges in discovering and accessing relevant datasets. Much of the 

data remains fragmented, under-publicized, or difficult to navigate. This catalog 

bridges that gap by serving as a practical, comprehensive resource for AI stakeholders 

like data scientists, engineers, founders, and researchers alike.  

  

It provides structured insights into African datasets, including their domains, sources, 

access levels, potential use cases, and challenges. By streamlining data discovery, 

the catalog aims to accelerate the development of localized AI solutions that harness 

Africa’s rich data diversity for transformative economic, social, and environmental 

impact.  

 
2. A systematic approach   
  

The compilation of 180 African datasets presented in this catalog is the result of a 

rigorous and systematic methodology designed to ensure its relevance and 

comprehensive nature for AI businesses and startups. From over 500 datasets 

screened (sourced from platforms like Hugging Face, Kaggle, and Open Africa), 180 

were selected based on specific criteria. Our primary goal is to provide a practical 

resource that accelerates data-driven innovation across the continent. To achieve this, 

a multi-faceted selection process was employed, focusing on specific criteria that 

directly impact the viability and success of AI projects. This approach ensures that the 

datasets listed are not only available but also genuinely valuable for developing robust, 

localized, and impactful AI solutions tailored to African contexts. By detailing our 

methodology, we aim to provide transparency and build confidence in the catalog's 
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reliability as a go-to resource for data strategists, machine learning engineers, and 

researchers.  

2.1. Key criteria for dataset selection  
  

The inclusion of each dataset in this catalog was contingent upon meeting a stringent 

set of criteria, ensuring alignment with the overarching goals of empowering African 

AI innovation:  

• Relevance to AI Applications: Priority was given to datasets with clear and 
demonstrable potential for training machine learning models, developing AI 
algorithms, or generating deep analytical insights. This includes data suitable 
for tasks such as natural language processing (NLP), computer vision, 
predictive analytics, anomaly detection, and decision support systems. 
Datasets were assessed for their structural integrity, quality, and the presence 
of features conducive to AI model development.  

• Accessibility Levels: Recognizing the diverse operational models of AI 
businesses, datasets were categorized by their accessibility. Our 
representation primarily focused on Open Access datasets, while also 
acknowledging:  

• Open Access: Publicly available datasets that can be freely downloaded and 
used for commercial or research purposes.  

• Commercial Access: Datasets available for purchase or through subscription 
models, often providing higher quality, scale, or specific proprietary insights.  

• Restricted Access: Datasets requiring specific permissions, agreements, or 
application processes (e.g., for research collaboration, academic use, or 
through data-sharing agreements). While often more challenging to acquire, 
these can be invaluable for niche applications.  

• Diversity of Domains: To foster broad innovation, datasets spanning a wide 
array of critical sectors were prioritized. This includes, but is not limited to, 
agriculture, healthcare, finance, education, transportation, environmental 
monitoring, telecommunications, and a strong emphasis on linguistic and 
cultural data unique to Africa. This domain diversity ensures that the catalog 
serves a wide range of industry needs and AI application areas.  

• Geographic Representation within Africa: A crucial criterion was the origin 
of the data. We aimed to include datasets from various African countries and 
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regions, reflecting the continent's immense geographic, demographic, and 
socio-economic diversity. This focus ensures that AI solutions developed using 
this catalog can be contextually relevant and perform effectively across different 
local nuances, avoiding the pitfalls of 'one-size-fits-all' approaches.  

• Recency of Updates: While some historical datasets hold significant value, a 
strong preference was given to datasets that are actively maintained, regularly 
updated, or at least recently compiled. Fresh data is often critical for developing 
accurate and relevant AI models, especially in rapidly evolving sectors. The 
'Last Updated' field in each entry provides essential context on data freshness.  
 

2.2. Structure of dataset entries  
  

Each dataset in this catalog is presented in a standardized table format, designed for 

clarity, easy comparability, and quick reference. The structured presentation allows 

users to rapidly assess the suitability of a dataset for their specific AI projects. Below 

is an explanation of each field and its purpose:  

• Dataset Name: The official or commonly recognized name of the dataset, 
providing a clear identifier for reference.  

• Domain: Categorizes the primary industry or area of application for the dataset 
(e.g., Agriculture, Healthcare, Finance, Natural Language Processing, Urban 
Planning). This helps users quickly navigate to relevant sectors.  

• Source/Owner: Identifies the entity responsible for collecting, curating, or 
owning the dataset (e.g., government agency, research institution, private 
company, NGO). This provides crucial information for trust, attribution, and 
potential collaboration.  

• Country/Region: Specifies the African country or broader region from which 
the data originates or to which it pertains. This is vital for developing 
geographically specific AI solutions.  

• Data Type: Describes the format and nature of the data (e.g., Tabular, Image, 
Text, Audio, Video, Time-Series, Geospatial). Understanding the data type 
informs the choice of appropriate AI methodologies and tools.  

• Access Level: Indicates how the dataset can be obtained (Open, Commercial, 
Restricted/Request). This helps users understand the immediate availability 
and any requirements for access.  
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• Platform/Link: Provides the direct URL or platform where the dataset can be 
accessed, downloaded, or where more information can be found. This serves 
as the direct gateway to the data.  

• Use Cases: Offers illustrative examples of potential AI applications or problems 
that can be addressed using this dataset. This section inspires innovative 
thinking and demonstrates the practical utility of the data.  

• Last Updated: Specifies the date of the last known update or compilation of 
the dataset. This metric is crucial for assessing data freshness and its relevance 
to current AI models.  

• Challenges/Notes: Provides important caveats, known limitations, or specific 
considerations regarding the dataset. This might include data quality issues, 
biases, specific licensing terms, data cleaning requirements, or other critical 
information for effective utilization.  
 

3. Overall landscape of African AI datasets  
  

Africa's data landscape is a dynamic tapestry offering immense potential for AI 

innovation. This environment blends traditional statistical data with a rapidly expanding 

digital footprint from mobile usage, sensor deployments, and burgeoning digital 

services. The sheer variety of data from agricultural records and mobile money 

transactions to satellite imagery and diverse local languages provides unique 

contextual depth vital for building impactful, localized AI solutions across the continent. 

[2]  

  

Data prevalent across Africa spans various formats. Structured data includes 

demographics, economic indicators, and public health records. Unstructured data, 

such as text, audio, and images from social media or mobile phones, is rapidly 

growing. Crucial geospatial data offers insights into land use and urban expansion, 

while vast amounts of mobile-generated data, from usage patterns to transaction 

histories, represent a key resource. This diverse data, alongside emerging IoT 

streams, forms a strong foundation for data-driven development.  
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3.1. Quantitative overview of dataset distribution across domains 

A detailed examination of the dataset collection reveals a clear prioritization of certain 

domains, which directly corresponds to the continent's most pressing development 

challenges and strategic opportunities.  

Table 1: Top 5 Data domains by dataset count 

Domain Name Number of 
Datasets 

Percentage of Total 

Agriculture 56 31.10% 
Healthcare 28 15.60% 

Natural Language Processing (NLP) 27 15.00% 

Socioeconomic 24 13.30% 

Environment and Energy 12 6.70% 

The concentration of datasets in Agriculture, NLP, Healthcare, and Socioeconomic 

areas is not coincidental. These domains directly align with the most fundamental and 

pressing development challenges and opportunities across the African continent. 

Agriculture directly addresses food security, rural livelihoods, and climate resilience, 

which are existential issues for many African nations. NLP is crucial for digital 

inclusion, bridging linguistic divides, and enabling AI solutions to be relevant and 

accessible to diverse local populations, forming a foundation for human capital 

development in the digital age. Healthcare tackles persistent public health crises and 

emerging threats, vital for human well-being and productivity. Socioeconomic data 

provides the foundational information for understanding poverty, economic trends, and 

social welfare, essential for effective policy planning and resource allocation. [1]  

This concentration signifies a strategic, demand-driven approach to data collection, 

focusing resources where they can yield the most immediate and profound impact on 

human development. For Business and policymakers, this means these domains offer 
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fertile ground for leveraging existing data infrastructure and expertise for high-impact 

interventions. However, it also implicitly highlights potential under-resourced domains, 

such as Genomics, Peace & Security, Mobility, Education, and Digital Infrastructure, 

where data collection and investment might be critical for holistic and equitable 

development, preventing future blind spots in policy and program design.  

  
  

  
  

3.2. Prevalent data types and their applications   
  

The diversity of data types within the African dataset landscape reflects the varied 

approaches to data collection and the analytical needs across different domains.  

• Tabular Data is the most ubiquitous data type, forming the backbone of 
quantitative analysis across nearly all domains.  

• Text Data is highly prevalent, particularly in NLP for language modeling, 
sentiment analysis, and machine translation  

• Image Data represents a significant and growing category, especially in 
Agriculture for crop disease detection  
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• Geospatial Data is essential for spatial analysis and mapping, found 
extensively in Agriculture  

• Audio Data is primarily concentrated in NLP for speech recognition and 
language modeling, supporting the development of voice-enabled technologies 
for African languages  

• Mixed Formats constitute a notable category, indicating datasets that integrate 
various data types (e.g., tabular, image, geospatial) to provide a more holistic 
view.  

  

The predominance of tabular and text data types reflects their foundational role in 

traditional statistical analysis, reporting, and a wide range of basic to intermediate 

AI/ML applications. Tabular data is inherently structured for quantitative analysis of 

trends, indicators, and policy modeling, making it easily digestible for decision-makers. 

Text data, on the other hand, is crucial for understanding narratives, linguistic 

nuances, and developing language-specific applications. This indicates a robust base 

for both quantitative assessments and qualitative understanding, which are critical for 

comprehensive development planning. Policymakers can readily leverage these 

prevalent data types for impact assessment, policy formulation, and communication 

with stakeholders.  

  

The significant and growing presence of image and geospatial data types points to an 

increasing adoption of advanced technologies such as remote sensing, drone 

technology, and computer vision across various sectors.  

  
Table 2: Distribution of data types across all datasets 

Data Type  Number of Datasets Percentage of Total 

Tabular  88 48.90% 
Geospatial  24 13.30% 

Text  21 11.70% 
Image  21 11.70% 
Mixed Formats  17 9.40% 
Audio  7 3.90% 

Video  1 0.60% 
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3.3. Dataset freshness  
  

Over 70% of datasets were updated or are projected for update between 2023-2025, 

indicating a highly dynamic and responsive data ecosystem. Approximately 17.8% fall 

into the 2020-2022 range, still current for many purposes.  

  

The overwhelming proportion of datasets updated or planned for update between 

2023 and 2025 signifies a highly dynamic and responsive data ecosystem in Africa. 

This high recency across diverse domains indicates that data creators, whether 

research institutions, government agencies, or international organizations, are actively 

engaged in maintaining and expanding their datasets. This is likely driven by evolving 

research needs, urgent policy demands (e.g., pandemic response, climate change 

monitoring), and the rapid pace of technological advancements.  

  

  

  
Table 3: Dataset update frequency by year range 

Year Range  Number of Datasets Percentage of Total 

88 

24 

21 

21 

17 
7 1 

Distribution of data types among the datasets 

Tabular Geospatial Text Image Mixed Formats Audio Video 
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2023-2025  133 71.90% 
2020-2022  33 17.80% 
Pre-2020  13 10.30% 

  

  
  

3.4. Geographic distribution: Countries leading in data contributions  
  

The geographic distribution of datasets reveals a mix of pan-African initiatives and 

emerging country-specific data ecosystems.  

  

The most frequent "country" label is "Africa-wide," representing a significant proportion 

of the datasets (over 50%). These datasets often pertain to pan-African challenges or 

are initiatives by international bodies or consortia, such as "Common Voice (African 

Languages)," "FLORES+," "Radiant MLHub Crop Data,"  

  

The co-existence of a large number of "Africa-wide" datasets alongside robust country 

specific contributions reflects a dual and increasingly sophisticated strategy in African 

data development. Pan-African datasets are crucial for addressing continent-wide 
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challenges (e.g., climate change, food security, language diversity) and fostering 

regional integration and comparative analysis. Simultaneously, the growth of country 

specific data allows for granular analysis and the development of tailored interventions 

that are highly relevant to local contexts.  

  

The clear concentration of datasets in countries like Ethiopia, South Africa, Kenya, 

Nigeria, Uganda, and Ghana suggests that these nations are emerging as regional 

data hubs.  

   
Table 4: Top 10 countries/ regions with the most datasets 

Country/Region  Number of Datasets Percentage (%) 
Africa-wide  104 57.78% 

South Africa  11 6.11% 

Ghana  9 5% 

Ethiopia   8 4.44% 

Kenya  7 3.89% 

Nigeria  7 3.89% 

Uganda  6 3.33% 

Cameroon  3 1.67% 

East Africa  3 1.67% 

Mali  1 56.00% 
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3.5. Access levels and licensing  
  

The access levels of the cataloged datasets present a nuanced picture, reflecting a 

balance between open data principles and necessary restrictions for sensitive or 

proprietary information.   

  
Table 5: Dataset access levels 

Access Level  Count Percentage (%) 

Open Access (CC BY 4.0)  102 56.67% 

Public  14 7.78% 

Open Access (CC0 – Public Domain)  7 3.89% 

Open (Open Data Commons Open Database License 
- ODbL)  

7 3.89% 

Open Access (CC BY-NC-SA 3.0 IGO)  5 2.78% 

Open Access (CC BY-NC-SA 4.0)  5 2.78% 

Open  5 2.78% 

Open Access (ODC-By 1.0)  4 2.22% 

Open Access (CC BY-NC 4.0)  4 2.22% 

Open Access (CC0 1.0 – Public Domain)  4 2.22% 

Open Access (CDLA-Permissive-2.0)  4 2.22% 
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Apache 2.0  3 1.67% 

Open Access (CC BY-SA 4.0)  3 1.67% 

Open (MIT License)  3 1.67% 

Restricted  2 1.11% 

Mixed Licenses  2 1.11% 

Open Access (CC BY 3.0 IGO)  1 0.56% 

Open Access (CC BY 2.0)  1 0.56% 

Open Access (CC BY-SA)  1 0.56% 

Open Access (Public Domain)  1 0.56% 

Public (Via arXiv)  1 0.56% 

  

 

  

As shown in Table, the vast majority of datasets are categorized open access.  This 

includes various open licenses such as Creative Commons (CC BY, CC BY-SA, CC 

BY-NC 4.0), Public Domain (CC0), MIT License, and Open-Source licenses. This 

widespread openness is a significant asset, fostering broad experimentation, 

community-led development, and academic research across the continent.  

4. Central hubs and key initiatives for African AI datasets  
  

The development and accessibility of Africa-centric AI datasets are significantly 

propelled by several key organizations and initiatives that serve as central hubs for 
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data collection, curation, and dissemination. These entities are pivotal in fostering a 

collaborative and open environment for AI innovation across the continent.  

Table 6: Key platforms and initatiaves for Africa-Centric AI Datasets 

Initiative 

Name 

Primary 
Focus 

Key 
Contribution 
to Open Data 

Domains 
Covered 

Licensing/Openness 
Stance 

Deep 

Learning 

Indaba 

(DLI) 

Capacity 

building, 

community 

strengthening 

"Call for 
African 
Datasets," 
fosters 
IndabaX 
communities 

Multi-domain 
(Health, 
Agriculture, 
Education, 
Environment, 
Language & 
Culture, 
Infrastructure) 

Promotes ethical data 

use, privacy, consent, 
equity 

Lacuna 

Fund 

Funding open 
datasets 

for 
social impact 

Proactive 

funding for 

local data 
creation, open 
datasets 

Agriculture, 
Climate, 
Health, Natural 
Language 
Processing 

Funds open datasets, 
maintains IP Policy 

Masakhane  African 
Language 
NLP research 

Open-source 

repositories 
for 30+ 
African 

languages, 
NOODL 
license 
inspiration 

Natural 
Language 
Processing 
(Named Entity 
Recognition, 
Machine 
Translation, 
Sentiment 

Apache-2.0, inspired 
NOODL (preferential 
terms) 

Analysis, News 
Classification) 
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Open 

Africa  

Open data 

portal for 
Africa-wide 
datasets 

Aggregates 

2,900+ 

datasets from 

governments, 

NGOs, and 
private sector 

Multi-domain 
(Governance, 
Health, 
Education, 
Environment, 
Infrastructure, 
Economy, 
Demographics) 

Mostly Open 
Government License 

/ Creative Commons 
(varies by dataset) 

Zindi Data science 
talent, data 
generation 

Community 
driven  data 
challenges, 
incentivized 
data creation 

Primarily 
Natural 
Language 
Processing (African 
languages), diverse 
challenge topics 

Encourages Creative 
Commons 4.0 or 
similar for challenge 
winners 

5. Recurring Challenges and Opportunities

Leveraging Africa's vast and diverse data for Artificial Intelligence innovation, while 

immensely promising, is not without its complexities. The continent presents a unique 

set of challenges that developers, businesses, and policymakers must navigate. 

Simultaneously, these very challenges often reveal significant opportunities for 

pioneering ethical practices, fostering robust local ecosystems, and demonstrating 

innovative approaches to data management and AI development.   

The journey from raw data to impactful AI solutions in Africa frequently encounters 

several critical hurdles.  
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5.1. Challenges 

• Data Fragmentation and Inconsistency: A pervasive issue is the scattering
of data across myriad sources. Government ministries, research institutions,
NGOs, and private companies often collect data in silos, using disparate
formats, standards, and storage methods. This fragmentation makes data
discovery, access, and integration a significant challenge, hindering the
creation of comprehensive datasets necessary for robust AI model training.[1]

• Data Quality and Granularity Issues: The quality of available data can be
highly inconsistent. Problems range from missing values, inaccuracies, and
outdated information to varying levels of granularity. For instance, while
national-level statistics might be available, granular, real-time local-level data
crucial for hyper-localized AI solutions (e.g., specific farm yields, individual
health records, detailed traffic patterns) is often scarce, unreliable, or
nonexistent. Ground-truthing and validation are frequently difficult due to
resource limitations.[3]

• Infrastructure Limitations: Despite significant advancements, many regions
in Africa still face limitations in digital infrastructure. This includes inconsistent
internet penetration, high data costs, and unreliable power supply, which
collectively impedes efficient data collection, storage, processing, and sharing.
The absence of widespread, robust cloud infrastructure and high-performance
computing (HPC) facilities further complicates the development and
deployment of data-intensive AI applications. [2]

• Evolving Regulatory Frameworks and Data Privacy Concerns: The
regulatory landscape across Africa's 54 countries is dynamic and often
inconsistent. While many nations are developing data protection laws (some
inspired by GDPR), the varying implementation and enforcement create
complexity for cross-border data operations. Personal data privacy is a
paramount concern, especially when dealing with sensitive information from
health, finance, or mobility sectors, necessitating stringent anonymization,
consent mechanisms, and secure data handling practices. This also touches
on questions of data sovereignty and national ownership. [7]

• Lack of Standardization and Interoperability: Beyond fragmentation, the
absence of common data standards and interoperability protocols across
different sectors and countries makes it difficult to combine and analyze data
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from various sources effectively. This limits the ability to build holistic AI models 
that can leverage insights from multiple domains.[4]  

• "Dark Data": Much data collected by various organizations in Africa remains 
unstructured, uncurated, and not readily usable for AI without significant effort. 
Given these challenges, while we  will strive to make the list as comprehensive 
as possible based on publicly available information and known initiatives, it is 
important to understand that a complete, exhaustive, real-time list is an ongoing 
effort that requires continuous community contribution and discovery.  

  

Important Caveats for African Datasets:  

  

1. "Open Access" Varies: While many are intended to be open, practical access 
might involve requesting permission, navigating specific repository interfaces, 
or being part of a research collaboration.  

2. Quality and Annotation: Data quality, consistency, and level of annotation can 
vary significantly. Startups may need to invest in data cleaning and labeling.  

3. Representativeness and Bias: Even "African" datasets may not be 
representative of the continent's immense diversity (linguistic, cultural, 
socioeconomic, geographic). Bias mitigation remains a critical concern.  

4. Sustainability: Some datasets are outcomes of time-bound projects and may 
not have long-term maintenance plans.  

5. Offline/Undiscovered Data: A lot of valuable data still exists in analog formats, 
or within organizations that have not yet shared it publicly. Networking and 
direct engagement are often key to unlocking these.  

6. Ethical Considerations: Especially in health, finance, and sensitive social 
domains, ethical data collection, usage, and privacy must be paramount.  
 

  

  
5.2. Opportunities for Collaboration and Investment  
  

The identified challenges inherently present significant opportunities for targeted 

collaboration and investment to bolster the African AI data ecosystem:  
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• Standardized Data Curation and Annotation: Investing in common protocols, tools, 

and dedicated teams to improve data quality and reduce the burden of preprocessing 

for AI developers.  

• Targeted Data Collection for Underrepresented Areas: Focusing resources 

on filling linguistic, geographic, and domain-specific data gaps to ensure more 

equitable representation and generalizability of AI models.  

• Capacity Building in Data Science and AI Engineering: Developing and 

scaling educational programs and training initiatives to equip local talent with 

the skills needed to effectively utilize and contribute to data resources.  

• Development of Secure and Ethical Data Sharing Platforms: Creating 

robust, trusted platforms and frameworks for sharing sensitive and high-value 

datasets, potentially leveraging privacy-preserving AI techniques and data 

trusts.  

• Support for Multi-Stakeholder Data Initiatives: Continuing to fund and 

expand successful models like Zindi Africa and Lacuna Fund, which catalyze 

data creation, problem-solving, and community engagement.  

• Investment in Foundational Digital Infrastructure: Enhancing access to 

reliable cloud computing resources, high-speed internet, and data storage 

solutions to support the processing and management of large-scale datasets.  

  

6. Future outlook and recommendations 
  

These recommendations, grounded in a detailed analysis of Africa's data landscape 

and aligned with the best international practices, are designed to guide policymakers, 

researchers, funders, and industry leaders in fostering a resilient, inclusive, and 

globally competitive AI data ecosystem for the continent. While significant strides have 

been made, continued efforts are essential to fully realize Africa's AI potential. The 

path forward requires:  

 

  

Recommendation 1: Promote Data Localization and Ethical AI Development.  

• Action: Invest in and support initiatives that focus specifically on collecting, curating, 

and annotating data pertinent to African languages, cultures, and unique local 
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contexts, particularly for Natural Language Processing and other AI applications. 

Simultaneously, develop and implement robust ethical guidelines and regulatory 

frameworks for data governance, privacy, and AI deployment that are sensitive to local 

values, cultural nuances, and human rights concerns.[7]  

• Rationale: Generic global models and datasets often fail to perform effectively or are

culturally irrelevant in diverse African contexts. Localized data ensures the relevance,

accuracy, and effectiveness of digital solutions, while strong ethical frameworks build

public trust, prevent misuse of data and AI technologies, and ensure that technological

advancements serve the best interests of African populations.

Recommendation 2: Strategically Address Data Gaps in Underserved Domains and 

Regions  

• Action: Conduct systematic needs assessments to identify critical data gaps in less

represented domains (e.g., Geonomics, Peace & Security, formal Education, Mobility,

informal economies, specific vulnerable populations) and geographically underserved

areas across the continent. Allocate targeted resources for new data collection

initiatives in these identified areas, potentially leveraging innovative and cost-effective

methods such as citizen science, mobile phone data analytics, and remote sensing

technologies where traditional surveys are challenging. [1]

• Rationale: Significant blind spots in data lead to incomplete understanding of

development challenges and potentially misdirected or ineffective interventions. Filling

these strategic gaps is crucial for ensuring equitable and comprehensive development

across the continent, allowing for more targeted and inclusive policy formulation.

Recommendation 3: Foster Data Harmonization and Empower African Data 
Governance 

• Action: Develop and promote common data standards, metadata guidelines, and

interoperability frameworks across sectors (e.g., agriculture, health, environment,

socioeconomic) and national borders to enable seamless data sharing and integration.

Simultaneously, advance African-specific licensing frameworks such as NOODL that

ensure open data initiatives empower local communities, protect data sovereignty, and

support equitable participation in the AI economy.[4]  For example, the African

Declaration on Artificial Intelligence (2025) mandates standardized data formats and

open data frameworks to enhance accessibility, as seen in initiatives like Open Africa’s

aggregation of 2,900+ datasets under Creative Commons licenses. [8]
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• Rationale: Harmonized and interoperable data is essential for comprehensive 

analysis of complex development challenges and for enabling effective cross-sectoral 

and regional collaboration. At the same time, tailored licensing models prevent digital 

dependency by giving African stakeholders control over data use and ensuring that the 

economic and social benefits of AI development remain localized. Together, these 

measures create a robust, inclusive, and sustainable data ecosystem that underpins 

Africa’s AI-driven growth.  

  

Recommendation 4: Invest in Foundational Data Infrastructure and Capacity 

Building.  

• Action: Prioritize and allocate sustained funding for national statistical offices, open 

data portals, and research institutions across Africa to ensure the continuous 

collection, rigorous curation, and widespread accessibility of high-quality data. 

Simultaneously, develop and implement comprehensive training programs in data 

literacy, data analytics, and AI/ML for government officials, NGO staff, researchers, 

and local communities. This should include training on data cleaning, preprocessing, 

and the use of specialized tools (e.g., GIS software). [2] 

• Rationale: While data availability is growing, its usability is often hampered by 

technical requirements, skill gaps, and inconsistent infrastructure. Robust data 

infrastructure and a skilled workforce are fundamental prerequisites to translate raw 

data into actionable understanding, enabling evidence-based decision-making and 

fostering local innovation.  

  

Recommendation 5: Address Funding Concentration in African AI Ecosystems  
• Action: Develop strategic interventions to distribute AI investments and opportunities 

more equitably across African nations. This includes fostering innovation ecosystems 

beyond current AI hubs and supporting startups, research, and capacity building in 

underserved regions.[7]  

• Rationale: Concentration of funding and activity in a few countries' risks widening the 

digital divide within the continent. A more balanced distribution ensures inclusive 

growth and unlocks the potential of diverse regions to contribute to Africa’s AI 

economy.  
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7. Conclusion

The analysis of the African dataset landscape reveals a continent on the cusp of a 

significant data-driven transformation. Its strengths lie in a growing volume of datasets, 

their increasing recency, and a strong commitment to open access, particularly within 

critical domains such as agriculture, natural language processing, healthcare, and 

socioeconomic indicators. This burgeoning data ecosystem presents unparalleled 

opportunities for funders and policymakers to enhance their strategic planning, 

program implementation, and impact assessment capabilities.  

To fully harness this immense potential, however, a concerted and strategic effort is 

required. Moving beyond mere data availability, the focus must shift towards sustained 

investment in foundational data infrastructure, robust capacity building, and the 

establishment of comprehensive data harmonization and interoperability frameworks. 

Furthermore, addressing existing data gaps in underserved domains and regions, 

promoting data localization, and embedding strong ethical considerations into all data 

and AI initiatives are paramount. By fostering a collaborative, context-aware, and 

ethically grounded data ecosystem, Africa can accelerate its progress towards 

achieving its sustainable development goals, building greater resilience against 

emerging challenges, and ultimately, ensuring a more prosperous and equitable future 

for all its citizens. The time for data-driven action in Africa is now.  
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